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We proposed a Ul application to interact with the artifacts
map obtained during the mapping application. This applica-
tion is useful to perform autonomous high-level decision-
making tasks because it exposes the object’s class and
location to the robot and the user.

The experiments showed that our application can correctly
detect, localize and map the 98% of the objects present in
the scene at different distances providing a small number
of detection errors and good localization accuracy. The
comparisons with the single-sensor scenario (only camera
or only lidar) proved that sensor fusion is essential for wide
areas and high-accuracy applications.

There are different future improvements we planned for
this framework: (i) evolve the algorithm to an independent
graph-based SLAM system, (ii) use 3D semantic point clouds
with oriented bounding boxes and dimension information for
better visualization and object understanding, (iii) deal with
dynamics obstacle.
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